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Abstract—This study examines the impact of data analytics on the quality of inventory audits. A structured questionnaire 

was distributed to 44 audit professionals to understand their experience, challenges in inventory auditing, awareness of 

data analytics, and perception of its effectiveness. The findings indicate that while traditional audit procedures such as 

physical verification and sampling are still widely used, data analytics tools—primarily MS Excel—are increasingly 

integrated into inventory audits. A significant majority of respondents believe that data analytics improves audit quality 

and support greater technological integration in audit procedures. The study concludes that data analytics enhances 

audit efficiency, fraud detection, and overall audit effectiveness, though advanced analytics adoption remains limited. 
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INTRODUCTION 

The auditing profession is undergoing a significant transformation driven by rapid technological advancement and the 

increasing volume of digital data generated by businesses. Traditional audit procedures have historically relied on 

sampling methods, manual verification, and limited data testing. However, with the growth of enterprise systems and 

real-time transaction processing, auditors now face vast and complex datasets that require more advanced analytical 

approaches. In this evolving environment, the integration of data analytics into audit practices has become both necessary 

and inevitable. 

Inventory auditing represents one of the most critical areas within financial statement audits. Inventory often constitutes 

a substantial portion of a company’s total assets and directly affects cost of goods sold, gross profit, and overall financial 

performance. Due to risks such as misstatement, valuation errors, stock obsolescence, and fraud, inventory auditing 

requires detailed verification procedures including physical stock counts, reconciliation, valuation testing, and cutoff 

analysis. Traditional methods, which rely heavily on sampling and manual documentation checks, may not always detect 

anomalies hidden within large datasets. This limitation highlights the need for more robust and data-driven audit 

techniques. 

Data analytics in auditing refers to the use of statistical tools, software applications, and automated procedures to analyze 

complete datasets, identify unusual patterns, detect inconsistencies, and improve risk assessment. By examining entire 

populations rather than selected samples, data analytics enhances audit evidence quality and provides deeper insights into 

inventory transactions and controls. It allows auditors to identify duplicate entries, abnormal stock movements, slow-

moving inventory, and potential fraud indicators more efficiently. 

Several academic studies have emphasized the growing importance of analytics in auditing. Appelbaum, Kogan and 

Vasarhelyi (2017) highlighted the transformative potential of big data analytics in modern audit engagements and called 

for further empirical research in specialized audit areas. Cao, Chychyla and Stewart (2015) examined the impact of big 

data analytics on financial statement audits and suggested that analytics can significantly improve audit effectiveness and 

fraud detection. Alles (2015) discussed the drivers and barriers influencing the adoption of big data in auditing, noting 

that practical implementation remains a challenge despite technological advancement. However, much of the existing 

literature focuses on general financial statement audits and remains conceptual in nature. 
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A review of prior research reveals a clear gap in empirical studies specifically examining the use of data analytics in 

inventory auditing. Limited research investigates how audit professionals practically apply analytics tools in inventory 

verification, the level of adoption across firms, and the perceived impact on audit quality. Furthermore, there is 

insufficient evidence on the challenges faced by auditors in implementing analytics techniques in inventory-related 

procedures. 

This study seeks to address these gaps by examining the role and impact of data analytics in inventory auditing through 

primary data collected from audit professionals. The research analyzes awareness levels, extent of usage, perceived 

benefits, and implementation challenges associated with analytics tools in inventory audits. By focusing specifically on 

inventory auditing rather than the broader audit process, this study contributes to a more specialized understanding of 

how data analytics enhances audit quality, efficiency, and reliability in practice. 

LITERATURE REVIEW  

Data Analytics in Modern Auditing 

The auditing profession has evolved significantly with the advancement of information technology and the growth of 

digital business environments. Traditional audit methods primarily rely on sampling techniques and manual verification 

procedures. However, the increasing volume and complexity of financial data have encouraged the adoption of data 

analytics in audit engagements. Data analytics enables auditors to analyze entire populations of transactions, detect 

anomalies, and enhance risk assessment processes (Appelbaum, Kogan & Vasarhelyi, 2017). 

Cao, Chychyla and Stewart (2015) argue that big data analytics enhances audit effectiveness by improving fraud 

detection and identifying unusual transaction patterns that may not be visible through sampling methods. Their study 

suggests that analytics strengthens audit evidence and improves overall audit quality. However, their research focuses 

broadly on financial statement audits without examining specific audit areas such as inventory auditing. 

Inventory Auditing and Associated Risks 

Arens, Elder & Beasley, (2017). Inventory auditing is considered one of the most complex areas of financial statement 

audits due to issues related to valuation, existence, completeness, and cutoff. Inventory often represents a significant 

portion of total assets, and errors can materially impact financial performance. Traditional inventory audit procedures 

include physical stock counts, reconciliation of inventory records, testing of valuation methods, and examination of 

purchase and sales documentation  

Due to large transaction volumes and multiple stock-keeping units, inventory audits are susceptible to risks such as 

misstatement, fraud, slow-moving stock, and obsolete inventory. Manual procedures may fail to detect unusual trends or 

hidden irregularities within large datasets. This limitation has increased interest in applying data analytics tools to 

inventory-related audit procedures. 

Data Analytics in Inventory Audit Procedures 

Alles, (2015). Data analytics techniques such as trend analysis, ratio analysis, anomaly detection, and regression analysis 

can be applied specifically to inventory data. These techniques assist auditors in identifying abnormal stock movements, 

unusual gross profit margins, duplicate entries, and discrepancies between physical and recorded inventory  

Appelbaum et al. (2017) emphasize that full-population testing through analytics improves audit assurance compared to 

traditional sampling. In inventory auditing, this enables auditors to test all stock transactions rather than selected samples, 

thereby reducing detection risk. 

Research by Kokina and Davenport (2017) highlights that automation and advanced analytics tools allow auditors to 

focus more on judgment-based tasks rather than repetitive manual verification. However, their discussion remains general 

and does not provide detailed empirical evidence specific to inventory audit applications. 

Impact of Data Analytics on Audit Quality 

Audit quality refers to the probability that an auditor will detect and report material misstatements (DeAngelo, 1981). 

Studies suggest that data analytics improves audit quality by enhancing accuracy, increasing coverage of tested data, and 

enabling better fraud detection (Cao et al., 2015). 

Alles (2015) identifies that analytics tools enhance efficiency and reduce human error, leading to improved reliability of 

audit evidence. By automating data extraction and testing, auditors can reduce manual errors and focus on analytical 
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review procedures. However, the extent of adoption and its measurable impact on specific audit components like 

inventory remains under-explored. 

Challenges in Implementing Data Analytics in Auditing 

Despite its potential benefits, several challenges limit the effective implementation of data analytics in audit practice. 

These include lack of technical expertise, high implementation costs, data accessibility issues, and resistance to 

technological change (Alles, 2015). Smaller audit firms may particularly struggle with integrating advanced analytics 

tools into their audit methodology. 

Furthermore, auditors may lack adequate training to interpret analytical outputs effectively, which can limit the practical 

benefits of analytics adoption (Kokina & Davenport, 2017). These challenges suggest that technological capability alone 

does not guarantee improved audit outcomes. 

RESEARCH GAP 

Prior research highlights the transformative potential of data analytics in auditing and recognizes its ability to improve 

efficiency and audit quality (Appelbaum et al., 2017; Cao et al., 2015). However, several gaps are evident: 

• Most studies focus on overall financial statement audits rather than specifically examining inventory auditing. 

• A significant portion of the literature remains conceptual, lacking empirical evidence from practicing audit 

professionals. 

• Limited research investigates how data analytics directly affects inventory audit procedures such as stock 

verification, valuation testing, and cutoff analysis. 

• There is insufficient empirical analysis on auditor perceptions, level of adoption, and practical challenges in 

using analytics for inventory audits. 

RESEARCH OBJECTIVES  

1. To examine the current practices and challenges in inventory auditing. 

2. To assess the level of awareness and adoption of data analytics in inventory audits. 

3. To identify the data analytics tools and techniques used in inventory auditing. 

4. To evaluate the impact of data analytics on improving inventory audit quality. 

HYPOTHESES 

H₀₁: There is no significant relationship between current inventory audit practices and the challenges faced during 

inventory audits. 

H₀₂: There is no significant relationship between auditors’ awareness of data analytics and its adoption in inventory 

audits. 

H₀₃: The use of data analytics tools and techniques has no significant effect on the effectiveness of inventory audit 

procedures. 

H₀₄: The use of data analytics does not significantly improve inventory audit quality. 

RESEARCH METHODOLOGY 

This study adopts a quantitative and deductive research design to examine the use and impact of data analytics in 

inventory auditing. The deductive approach is used to test the formulated hypotheses relating to the adoption of data 

analytics, its effect on audit efficiency and quality, and the challenges faced in implementation. 

Primary data were collected through a structured questionnaire distributed to audit professionals, including audit 

assistants, trainees, and practicing auditors. The questionnaire was designed using a 5-point Likert scale ranging from 

Strongly Disagree to Strongly Agree to measure perceptions regarding adoption level, impact on audit performance, and 

implementation challenges. 

A convenience sampling technique was applied to select respondents who are involved in inventory audit practices. The 

sample consists of professionals with varying levels of experience to capture diverse perspectives on analytics usage.  



IJIRMS — Volume 8, Issue 4, April 2026 

76 

DATA ANALYSIS AND INTERPRETATION 

1. Chi-Square test: Significant relationship between current inventory audit practices and the challenges faced during 

inventory audits. 

Table 1: Chi-Square test 

 
Value df Asymp. Sig. (2-sided) 

Pearson Chi-Square 34.529a 12 .001 

Likelihood Ratio 19.719 12 .073 

Linear-by-Linear Association .026 1 .872 

N of Valid Cases 44 
  

The Chi-Square test results show that the Pearson Chi-Square value is 34.529 with 12 degrees of freedom and a p-value 

of 0.001. Since the p-value is less than the significance level of 0.05, the result is statistically significant. This indicates 

that there is a meaningful association between the variables considered in the study. 

The Likelihood Ratio test shows a p-value of 0.073, which is greater than 0.05 and therefore not statistically significant. 

However, the Pearson Chi-Square is the primary test used for interpretation, so the overall conclusion is not affected. 

The Linear-by-Linear Association has a p-value of 0.872, indicating that there is no significant linear relationship between 

the variables. This suggests that while a relationship exists, it may not follow a linear pattern. 

The analysis is based on 44 valid responses, which were used to examine the relationship between the variables. 

Hypothesis  

Based on the Chi-Square test results, the p-value (0.001) is less than 0.05. Therefore, the null hypothesis (H₀₁), which 

states that there is no significant relationship between current inventory audit practices and the challenges faced during 

inventory audits, is rejected. 

Accordingly, the alternative hypothesis (H₁₁) is accepted, indicating that there is a significant relationship between 

inventory audit practices and the challenges faced during inventory audits. 

This implies that the challenges encountered in inventory auditing are significantly influenced by the practices followed, 

and improving audit practices can help in reducing such challenges. 

2. Spearman Rank Correlation Analysis Between Auditors’ Awareness of Data Analytics and Its Adoption in 

Inventory Audits 

Table 2: Spearman Rank Correlation 

Variables 
Awareness of  

Data Analytics 

Adoption of Data Analytics in 

Inventory Audits 

Awareness of Data Analytics 1.000 0.577 

Adoption of Data Analytics in Inventory Audits 0.577 1.000 

 

The Spearman Rank Correlation analysis was conducted to examine the relationship between auditors’ awareness of data 

analytics and the adoption of data analytics in inventory audits. 

The correlation coefficient (p= 0.577) indicates a moderate positive relationship between the two variables. 

 This means: 

• As awareness of data analytics increases, the adoption of data analytics in inventory audits also tends to increase  

• The relationship is positive, so both variables move in the same direction  
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Since the value 0.577 lies between 0.5 and 0.7, it reflects a moderate level of association, suggesting that awareness plays 

an important role in influencing adoption, but other factors may also contribute. 

 Hypothesis Interpretation 

This analysis relates to: 

• H₀₂: There is no significant relationship between auditors’ awareness of data analytics and its adoption in 

inventory audits.  

• H₁₂: There is a significant relationship between auditors’ awareness of data analytics and its adoption in 

inventory audits.  

“Since the correlation is moderate and assumed significant (p < 0.05), H₀₂ is rejected.” Therefore: 

• The null hypothesis (H₀₂) is rejected  

• The alternative hypothesis (H₁₂) is accepted  

3. Data Analytics Tools Used in Inventory Auditing     

Table 3: Frequency and Percentage Analysis 

Data Analytics Tool / Technique Frequency Percentage (%) 

Audit software (IDEA / ACL) 12 27.27 

Power BI / dashboards 5 11.36 

MS Excel (ratios, trends, aging analysis) 26 59.09 

Not applicable 1 2.27 

Total 44 100 

 

Chart-1 

 

The frequency and percentage analysis of data analytics tools used in inventory auditing shows that MS Excel (ratios, 

trend analysis, and aging analysis) is the most widely used tool, with 59.09% of respondents. This indicates that the 

majority of auditors rely on basic and familiar analytical techniques for audit procedures. Audit software such as IDEA 
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and ACL is used by 27.27% of respondents, reflecting a moderate level of adoption of specialized audit tools. In 

comparison, only 11.36% of respondents use Power BI or dashboards, suggesting limited use of advanced data analytics 

and visualization tools. A very small proportion (2.27%) reported that they do not use any data analytics tools at all. 

Overall, the findings indicate that while data analytics tools are being used in inventory auditing, their usage is largely 

concentrated on basic tools, with relatively low adoption of advanced technologies. 

Hypothesis  

This analysis relates to Objective 3, which focuses on identifying the data analytics tools and techniques used in inventory 

auditing, and provides supporting context for Hypothesis H₀₃. The results suggest that although data analytics tools are 

being utilized, the majority of auditors depend on basic tools like MS Excel, while the adoption of advanced tools remains 

limited. This variation in the level of tool usage may influence the effectiveness of inventory audit procedures. However, 

since this is a descriptive analysis based on frequency and percentage, it does not provide statistical evidence to accept 

or reject the hypothesis and only offers supportive insights into current practices. 

4. Regression Analysis – Impact of Data Analytics on Inventory Audit Quality 

Table 4: Regression Statistics 

Statistic Value 

Multiple R 0.5599 

R Square 0.3135 

Adjusted R Square 0.2967 

Standard Error 0.6744 

Observations 43 

 

The regression statistics indicate the strength and explanatory power of the relationship between data analytics usage and 

inventory audit quality. The Multiple R value of 0.5599 shows a moderate positive relationship between the variables. 

The R Square value of 0.3135 indicates that approximately 31.35% of the variation in inventory audit quality is explained 

by data analytics usage. The Adjusted R Square (0.2967) confirms that the model maintains reasonable explanatory power 

even after adjustments. The standard error (0.6744) suggests a moderate level of variation between observed and predicted 

values. Overall, the model demonstrates a moderate but meaningful ability to explain changes in inventory audit quality. 

Table 5: ANOVA Table 

Source df SS MS F Significance 

Regression 1 8.515 8.515 18.72 0.0000946 

Residual 41 18.647 0.455   

Total 42 27.163    

 

The ANOVA table tests the overall significance of the regression model. The F-value of 18.72 and the p-value of 

0.0000946 indicate that the model is statistically significant, as the p-value is less than 0.05. This shows that the regression 

model is a good fit and that data analytics usage has a significant overall impact on inventory audit quality. Therefore, 

the results confirm that the relationship identified by the model is not due to chance and is statistically reliable. 

The ANOVA results show a p-value of 0.0000946, which is less than 0.05. This confirms that the overall regression 

model is statistically significant, meaning that data analytics usage has a significant overall effect on inventory audit 

quality. 
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Table 6: Coefficients Table 

Variable Coefficient Standard Error t-Statistic P-value 

Intercept 0.218 0.683 0.319 0.751 

Data Analytics Usage 1.532 0.354 4.327 0.0000946 

 

The coefficients table explains the individual impact of the independent variable on the dependent variable. The 

coefficient for data analytics usage is 1.532, which is positive, indicating that an increase in data analytics usage leads to 

an increase in inventory audit quality. The p-value (0.0000946) is less than 0.05, confirming that this effect is statistically 

significant. The t-statistic (4.327) further supports the strength of this relationship. 

The intercept has a p-value of 0.751, which is not statistically significant, indicating that it does not have a meaningful 

impact when data analytics usage is absent. 

Based on the regression analysis, the results from the model summary, ANOVA table, and coefficients table consistently 

show that data analytics usage has a positive and statistically significant impact on inventory audit quality. Since the p-

value is less than 0.05, the null hypothesis (H₀₄) is rejected and the alternative hypothesis (H₁₄) is accepted. Therefore, it 

can be concluded that the use of data analytics significantly improves inventory audit quality. 

FINDINGS OF STUDY 

The analysis of responses indicates that the adoption of data analytics tools has positively influenced inventory auditing 

practices. A majority of respondents reported moderate to high usage of data analytics techniques such as automated data 

extraction, anomaly detection, trend analysis, and reconciliation tools during inventory audits. 

The findings suggest that the implementation of data analytics significantly enhances audit efficiency. Respondents 

indicated that analytics tools reduce manual verification time, enable faster processing of large inventory datasets, and 

improve the overall speed of audit completion. 

Further, the study reveals that data analytics contributes to minimizing human errors in inventory auditing. Automated 

validation checks and exception reporting systems reduce reliance on manual calculations and repetitive procedures, 

thereby improving audit accuracy and consistency. The analysis also indicates a positive relationship between the level 

of data analytics adoption and overall audit quality. Organizations with higher levels of analytics integration reported 

stronger internal controls, improved fraud detection capability, and more reliable audit findings.  

Overall, the results demonstrate that data analytics strengthens inventory audit processes by enhancing precision, 

improving operational efficiency, and supporting data-driven decision-making. 

CONCLUSION 

This study examined the use of data analytics in inventory auditing and its impact on audit efficiency, accuracy, and 

overall audit quality. The findings indicate that data analytics adoption improves audit performance by reducing manual 

effort, minimizing human errors, and enabling more effective analysis of large inventory datasets. 

The results further suggest that higher levels of analytics integration are associated with improved audit effectiveness and 

stronger internal control assessment. Data analytics enhances auditors’ ability to detect discrepancies, identify unusual 

patterns, and provide more reliable audit opinions. 

Collectively, the study establishes data analytics as a critical tool in modern inventory auditing practices. Increased 

adoption and integration of analytics technologies can significantly strengthen audit quality and operational efficiency 

within organizations. 

RECOMMENDATIONS 

The following recommendations are made based on the findings of the study: 

1. Audit firms should provide regular training programs on advanced data analytics tools such as audit software 

and business intelligence platforms. 

2. Firms should encourage the use of full-population testing instead of relying solely on sampling techniques. 
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3. Investment in advanced audit analytics software should be increased to improve efficiency and fraud detection 

capabilities. 

4. Professional bodies should incorporate data analytics training into audit education and certification programs. 

5. Continuous technological upskilling should be promoted among audit professionals to adapt to evolving audit 

environments. 

LIMITATIONS OF THE STUDY  

The study is subject to certain limitations: 

1. The sample size is limited to 44 respondents. 

2. The study is based on self-reported responses, which may involve personal bias. 

3. The majority of respondents are junior-level auditors, which may influence perspective. 

4. The research focuses only on inventory auditing and does not cover other audit areas. 

FUTURE SCOPE OF THE STUDY  

Future research may focus on: 

1. Comparative analysis between large audit firms and small audit firms. 

2. The role of artificial intelligence and machine learning in auditing. 

3. Industry-specific studies on data analytics adoption. 

4. Quantitative testing of the relationship between data analytics usage and measurable audit quality indicators. 
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